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Abstract

There are many different systems to measure clothes all over the world.

These systems are trying to develop standards covering the vast majority
of sizes in a balanced manner. Data Mining is the science that deals with
the search for valuable information in a considerable huge data in several
ways. This research aims to use clustering to find appropriate standard

for Sudan female clothes sizes.

k-means algorithm -one of the widely used clustering algorithms- were
used for this research. Sudanese female clothes data were collected from
a number of tailors. Many experiments were conducted to obtain the best

clustering of these data and compared Palmair European standard.

The results showed a new and valuable information , which lead to a
number of recommendations that can help in designing Sudanese female
clothes standard sizes. Better results and new more information can be

found by adding more data or by using another clustering algorithms.
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) 58.4 58.2 | 57.0 | 59.1 | 59.5 | 585 | 56.6 | 59.0 59.7

oxall pae | 99.9 1141 | 99.0 | 951 | 116.7 | 84.8 | 824 | 109.8 | 102.7
padll 89.7 1045 | 89.7 | 842 | 106.8 | 749 | 721 | 98.1 92.5
lay) 110.3 1244 | 1128 | 105.6 | 125.3 | 956 | 956 | 114 111.8
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OalalAd) (e lgran ol Al libud) 48 gana

sl AL oaall | hwdl |Gl | Jskll |
40 60 80 70 90 135 1
42 55 74 63 80 140 2
40 55 77 65 95 135 3
44 60 76 66 63 160 4
42 58 74 65 91 120 .5
42 56 80 71 97 130 .6
44 55 82 70 97 125 7
47 58 90 80 40 110 .8
43 53 88 80 45 100 .9
45 55 92 82 40 145 .10
46 56 98 90 60 145 11
42 62 90 80 40 140 12
40 55 75 64 45 110 .13
40 60 98 88 45 130 14
44 60 87 77 65 115 .15
47 58 107 100 45 122 .16
42 57 100 90 130 150 17
42 60 80 72 100 145 .18
45 58 95 85 65 150 .19
47 58 80 71 45 140 .20
40 60 98 85 40 135 21
44 58 90 80 50 145 .22
40 61 100 90 40 135 .23
44 58 97 86 46 145 24
46 60 103 95 50 160 .25
40 57 89 78 55 135 .26




45 58 90 80 80 120 .27
40 62 105 95 50 100 .28
44 62 108 100 50 130 .29
40 57 101 90 55 125 .30
48 60 97 87 60 130 31
45 55 95 85 65 130 .32
40 60 96 85 60 150 .33
45 55 89 88 120 140 .34
45 62 95 85 75 150 .35
42 60 90 80 100 140 .36
47 60 91 81 95 140 .37
45 62 110 100 115 110 .38
45 61 98 88 100 120 .39
45 55 83 75 130 140 .40
44 60 92 82 95 130 41
45 60 94 84 120 155 .42
44 61 93 82 100 145 .43
40 58 80 70 90 120 .44
48 60 90 80 115 150 .45
40 60 91 81 90 100 .46
44 57 78 70 65 150 47
45 58 75 64 55 130 .48
42 58 81 70 110 125 .49
40 59 88 77 115 140 .50
40 57 77 65 65 105 .51
40 57 81 70 130 135 .52
40 62 120 110 90 140 .53
40 60 97 87 100 140 .54
48 58 81 70 100 142 .55
44 56 77 66 70 150 .56
40 59 88 77 85 110 .57
45 57 89 88 65 100 .58
44 60 97 85 69 110 .59
42 58 89 78 110 145 .60
42 59 80 71 116 135 .61
44 57 81 72 50 135 .62
45 59 85 74 100 150 .63
42 60 94 85 125 140 .64
40 56 80 70 125 144 .65




40 58 88 77 115 130 .66
42 60 90 80 120 165 .67
40 58 88 76 130 155 .68
40 56 121 110 125 150 .69
40 59 86 75 132 154 .70
42 57 80 71 82 142 71
40 58 83 73 114 136 .72
40 60 90 80 125 130 .73
47 62 110 100 130 140 .74
40 58 88 78 140 155 .75
48 58 93 82 115 130 .76
42 62 115 104 120 140 77
44 58 80 70 88 117 .78
44 60 105 95 170 140 .79
40 55 85 75 120 155 .80
44 56 118 105 130 100 .81
40 57 100 90 60 152 .82
40 60 98 88 85 132 .83
45 58 115 104 110 145 .84
44 59 120 110 134 150 .85
41 62 119 95 105 150 .86
40 57 103 98 142 145 .87
42 59 100 90 140 145 .88
40 57 98 85 75 139 -89
45 58 110 100 70 100 .90
41 61 109 97 155 160 91
40 60 120 111 100 160 .92
44 62 113 103 70 165 .93
42 57 103 93 105 150 .94
42 58 99 88 110 130 .95
44 62 108 97 95 145 .96
44 57 85 75 80 140 .97
45 56 79 70 70 150 .98
40 57 88 76 90 160 .99
42 60 105 90 115 145 .100
40 55 90 81 110 135 .101
40 59 85 75 110 140 .102
44 55 96 86 110 155 .103
44 58 84 74 95 135 .104




40 57 95 85 120 148 -105
42 58 100 90 100 140 -106
40 56 90 81 75 100 .107
42 57 105 95 105 125 -108
40 59 112 100 98 152 -109
47 57 95 85 90 140 -110
40 58 85 74 100 150 111
40 57 119 108 85 130 112
45 62 122 110 120 100 .113
40 59 108 100 105 110 .114
44 61 111 102 85 140 .115
45 60 122 111 11 155 .116
42 59 97 88 95 160 117
45 57 105 95 110 140 118
44 58 115 110 54 110 .119
40 57 113 100 95 120 .120
40 60 110 103 100 150 121
45 58 100 90 130 145 122
45 57 110 102 120 130 .123
40 56 115 110 125 150 .124
40 60 105 95 100 160 125
44 58 120 110 115 130 126
42 58 100 90 115 135 .127
40 57 107 100 110 152 .128
40 60 110 103 98 155 -129
45 61 114 104 110 165 -130
40 62 94 84 110 160 131
45 61 110 100 120 140 .132
50 58 120 110 70 160 .133
40 59 105 95 120 150 .134
40 60 103 93 100 140 .135
40 57 106 103 65 115 .136
45 59 88 79 60 120 .137
45 58 103 93 70 110 .138
40 60 95 85 110 120 .139
45 57 110 100 85 110 .140
40 58 116 106 45 135 141
45 59 105 95 40 140 .142
40 57 98 88 60 135 .143




44 56 99 90 45 160 .144
42 58 108 97 70 120 -145
42 59 109 100 40 130 146
44 58 97 88 65 125 .147
42 60 102 90 40 110 -148
43 58 104 94 45 100 -149
44 59 100 90 40 145 .150
42 57 98 78 60 145 .151
42 61 110 100 40 140 .152
40 60 104 95 45 110 .153
40 58 119 108 45 130 .154
44 59 105 95 65 115 .155
47 57 102 90 45 122 .156
42 58 100 90 130 150 .157
42 60 115 95 100 145 .158
45 59 103 93 65 150 .159
47 57 99 88 45 140 .160
40 60 109 90 40 135 161
44 58 118 110 50 145 .162
40 55 119 110 40 135 163
44 56 122 112 46 145 .164
48 60 89 79 50 160 -165
40 55 90 80 55 135 .166
42 57 81 72 80 120 .167
40 60 97 85 50 100 -168
41 56 120 110 50 130 -169
42 57 106 96 55 125 .170
48 59 100 90 60 130 171
45 56 110 100 65 130 172
40 58 116 105 60 150 .173
45 55 99 89 120 140 .174
45 62 120 110 75 150 .175
42 60 110 100 100 140 .176
47 60 108 98 95 140 177
45 61 120 110 115 110 .178
45 59 105 95 100 120 179
45 57 103 93 130 140 .180
44 60 118 107 95 130 181
43 60 100 90 120 155 .182




44 60 111 100 100 145 .183
40 62 117 102 90 120 .184
48 61 120 110 115 150 .185
40 60 115 110 90 100 -186
44 58 107 93 65 150 .187
45 57 98 88 55 130 -188
42 59 102 90 110 125 .189
40 56 109 90 115 140 .190
40 58 119 108 65 105 .191
40 59 120 110 130 135 .192
40 61 123 112 90 140 .193
40 56 116 105 100 140 .194
48 58 119 109 100 142 .195
44 57 106 96 70 150 196
40 56 104 94 85 110 .197
42 58 118 107 65 100 .198
44 60 120 110 69 110 199
42 58 115 105 110 145 .200
































































