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Abstract

This thesis discussed the influence of mathematic degree of the Sudanese high school
Certificate result on students. The intended students are the ones who had been graduated
from university at the years between 2008 until 2016 and gained math degree between 50 to
55. The reason why we choose this range of grades. Because there are no records for the
student who failed in math, so this is the closest range that we can work on. This group of
students had been compared to another group of student who had same percentage of
certificate result but have score above 55 in math degree. The purpose of the comparison is
to check the influence of the math in the students’ performance in the University for
Different Majorities. The analysis of data had been done using data mining algorithm
named random tree algorithm. The conclusion of the thesis as mentioned below that some
of Sudan university faculties students does not affected by math grade in the high school.
However, to make the algorithm results more precise | recommend using more data by

including other universities data.
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Go MY bl e S cllla aagy 4 LI L fas LA Bad Sl lgse A

il JSE 4 ahlall (e claasi Wi ¢ 1 dad e cliclud CadSiudl dgaly Lgalins)
300 dgaly (aiSiadl ALYl (Weka) aasnad) clgaly e al s cllla
Streamed )ayaall UL dalleal Gl il saaly maud a5 (Knowledge Flow) culagleall
A e 4D decas 2 (Experimental) aall a(Weka) i) dgalslls (data
aag dlelall clgald) oda ) ALYl Cauiailly Y s e bl vie duleall Luulod)
Chall ¥ Jaal Caa JS8 8 Ll Jseasll oSa 1 s (Weka) daulul] daksl
038 G (e JLERY) (e A (Weka) dery Lexie. alailly ciljaeal) JSI Jgeaslls rands Waysn a4

clgals )Y

22 Aigs ge AV Yol ¢ lgie LA Bad el uys Ul (e degene cbdl G (gl
5 ObAl Bad ol dinka Hlaa) (e Y Ll ¢ and clibal) Jaesty olidlly CaSliuall (3Ua)g L)
Ll clliaat ) bl o Ly Tlad Jal) ey Caiiuall b clapial) ity 3l oLy
selsiy kel IS s <8 jseal ¢ bl aelgd (il e Lol 5 3 3Ll s ¢
23l Latar o ey A menill eladl panati illg agasdil i)
(Weka)clild) diygs 3.6.2.3
Gkl Ja @l Gle ¢ cilly s i(Excel Sheet) 55m b bl (e L Wk
a2l By 0 disalll Alsgus IS (Sag(ARFF) 5y5a 3 a(Weka) i osanll 4Ly
e S Gals aiiy CVA (e Al (e O pSH(ARFF) cilile alies. (ARFF) )50 ) dlgaall
o Skl 2l axalyng Algaall el abiee il Uy LS ALalally g Joadll 3 A Y IS)
e Sl (e degana JSG ‘;A(Comma Separated Value CSV) ik bbbl

. e:\ﬂ\ O Aalall Qg9
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(Explorer)ciisivall & clibal) Jaas 4.6.2.3
(Weka) galin duniiy asii eadl ¢ lgblas 3 dlally CadSinall 8 lilall dsans o
Pl JSAlL miage s S dasull HliaY) dgals o Jguanll

Program Visualization Tools Help

Applications
-

Explorer

'WEKA

The University
of Waikato

Experimenter

KnowledgeFlow

Workbench
Waikato Environment for Knowledge Analysis
ersion 3.8.3

fc) 19992018 Simple CLI
The University of Waikato
Hamilten, New Zealand

Asage)l JLEAY) dgaly s (1.3) Jsa

KA (e el dgal) e dabiad) chla a)Y) e il laal aski &
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[[Preprocessl| Classify | Cluster | Associate | Selectattributes | Visualize

[ Dpenfile... J [ Dpen UR... J [ Open DB... J [ Generate... J Undo

Filter

”

[ Choose J|Nune Apply Stop

Current relation Selected attribute

Relation: Mone Aftributes: Mone Mame: Mone Weight: Mone Type: Mone
Instances: Mone Sum of weights: Mone Missing: Mone Distinct: Mone Unique: Mone

Attributes

All Invert Pattarn

7| visualize Al J

Remauove

Status

Welcome to the Weka Explorer ] Log ‘k X0

weka b chdsina) dgals : (2.3) Jsa

clileall e Hle o ) 8l L) Jseaty oLal 2a dage 4 Lo mecag JSA a3l b

DA e @ "Cale @il ) dasal ¢ Al dalleal) Alaye B ond Wla ¢ CadSind) lgaey ) Daull)

2y agdh Lkl Jiead Wi o)) aaa(CSV) dlaiel) 93 Calall ) Loabwead ap o) Caldl s o) oKa

Criaal) shaly lgraen Wlis) Jla Laad angs lede Canaall Adee clha) up ) (attributes) el

Chanaill da)lsd i G classify Lok asi sV w8 ll peall b (g (3.3)dSA G LS Lgle

& ase o LS cla il il g Jass malind) agty laaes ¢ start jladly agen 25(4.3) J<al) 4 LS
2 (5.3) J<a
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Classify T Cluster T Associate T Select attributes T Vlsuallze]

Open file... || openurL. || Open DB... ][

[ [ choose Jpione

Current tion

| aepiy

Type: Mumeric
Instances: 615

Missing: 0(0%) Distinct: 582 Unique: 549 (89%)
Statistic Value
-~

Minimum 200830816
Maximum 2012304142
] [ ] [ Mean 1510087351.062
StdDev 809737240 542
Mame

[ Relation: FILTER

Aftributes: 9 Mame: STUDEMTNO
Sum of weights: 615

2 [ SEXNO
3 ] MATH
4 [_] Percent
5[] GPa L J
6 | RES_DETAIL

5 % ENTE | class: Fac (vum) |x|| visuaiize an_|
8] Ac

o[ ] FAC

Remaove

]

T 1
200830816 1106567479 2012304142
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Preprocess | Classify | Cluster | Associate | Select attibutes | Visualize |
Classifier
L

¥ [ weka
¥ (& classifiers

» [ﬁ bayes

L4 [ﬁfunctiuns

* [ 1azy

» [ meta

» [ misc

v [% rules
DecisionTable
MERuUles

» (55 trees

il dua 55 SL8) geaass (4.3) IS
p daal) daagia 3.3
VIS ik il Gl 8 UL a3

dAgY) ddht 3.3.1

G2 s aa il OO il 5 ) ae QL1648 (e LS Sl aladial
I Ol s 5L sas e LIS US 855 (gslan 5l e B agilany Gl DUl
el 5 Cun Alagadl 8algdl A alad o Alaal) culSy LS e clesana
Gluabyll sale & agilays il cpdll OOl Aalgad) salgdd) (8 duss By dows S
@l e (8 agaal cpdll COIL Lgilae a3y dbme IS Isaal) cpdll 555 50 o
2o dueh il el LIS JieS S5 .55 e Sl clbualll sale B agilags calSy
s 95 58 55 (sl ) e Bl Sluali)ll sale (B agilayy (pdll ila 993 (Ul

) @l 5ale (8 agilays cpdl) GO sae s AdA Gl agiul)s 15heS) ol agie 46
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Al COUAll s allda 276Cais 23 Laas agind)y ol ol 320 agie 898 2 55 (e
S )zl 55 (gl 5 e B agilany A (O s G la agilay
colla 62258 55 e 5S) clualyl sale A agilays ol B axe) 717 DU
(A= 95 58 55 sobw o) e JB Glaaliyll Bale (A agilay Al DUl 2xe
: Al 4yl 3.3.2

degaadl Giicgana A DUl a2 Qlla 2447 (e 435K Glily aladin)
il (520 Sl 5555 (e B claalll Bale b agila cul (DU (ga3 V)
st pgdl ) OO 1) Anylae caai 5 74,14 )50 g i€y Alagad) salgal) b

oralall an i b e b eld) lie S5 (i senal) 8 Ailygudl sledll s

Bala (& agilays Gudl) GOl Bala (& agilays Gadl) CDUl)
4 laal) Aay
55 oa st cluals 55 oa J8 claali
1328 134 OaoAiall dae
863 122 agi) 1olaSy ol dll 2ae
2191 256 SSU 2aal)
74.14 74.14 LIS
51.14 50 Aoy J8)
%60.61 %52.34 CaoAdiall A
%39.39 %47.66 a2 1l a5l A

Oa S agilasd Gl 5 55 e S8 Glualyl) Baba B agilags Cadl) o dle gdaga (3.1)d g2
55
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aadiall 4.1

Bale (A Gl DUl Gagads I8 MGl (8 aclud s A deagll UL dulasl Gl Gaag
weka ) Sl CadSiue aladial &3 ¢ Caagll I Jseasli( random tree) duailss Guki & ¢ Sluab)ll

sl 228 & (explorer

DAY MAS) Bad 4.2
Laplsn 5 %50.88 iy damia Bhsar  ddadl clbdl culSy (J48)he)ln Guls &
Ly led Guld 2 %53.25 Ly dassia Bipea ddiadl clilll culy  (Bayes Naive)
By Adiadll clblull colSy Llplaal & M a8y el cdia 8y Ul Je(Random Tree)
vie %94.56 5 (1.4) JS& 38 miage 9o LS bl aladial 2)kd) 2e%88.90 Lowsy dnpsia

(24 ) JSaN 5 manse 5o LS Alagudl salgal) dacs pladials 43l

=== [etailed Accuracy By Class ===

TP Rate FF Rate Precision Recall F-Measure MCC ROC Area FPRC Area (Class

1.000 0.005 0.961 1.000 0.980 0.978 1.000 0.999 in comp

0.983 0.149 0.851 0.983 0.912 0.833 0,986 0.978 Good

0.825 0.025 0.908 0.825 0.865 0.828 0.989 0.955 Fine

0.730 0.008 0.944 0.730 0.823 0.803 0.990 0.934 Very Good

0.462 0.000 1.000 0.462 0.632 0.673 0,994 0.815 Excellent
Weighted Awg. 0.889 0.077 0.396 0.889 0.884 0.837 0.989 0.962

(Random Tree) 1 4wajlsd @il Ladle g (1.4)ad) Jsaa
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=== [etailed Accuracy By Cla3g ===

TP Rate FP Rate Precision Recall F-Measure MCC OC Zrea PRC Area (lass
0,998 0.044  0.93 0,998  0.9¢7 0.945 0,999 0.997 in comp
0.950  0.038 0.9 0.950  0.937 0.908  0.99% 0.928 Good
A7 0,003 0,981 74 0,925 0.915  0.99%8 0,924 Fine
0.855  0.001  0.992 0.635 0,918 0.912  0.9%8 0.982 Very Good
0.877  0.000  1.000 0.877  0.935 0.935  1.000 0.928 Excellent
Weighted Avg. 0,946 0,030  0.948 0.946 0,945 0.925  0.99%8 0.9490

(Random Tree) 2 4aj lsd @ilii padle gy (2.4)ad) Jga
il Jeas clalhiae 1.2.4
:(True positive rate (TP Rate)) &dall alay) Jaxall j(RecaII) sloniyl o
Db LS sty A 284 daiaa §ygem Catia Al YD Jaes
R=TP /(TP +FN) -
:(False positive rate (FP Rate)) (blil) lay) Jual) o
adlll (& Sl dnlag) A dle SSS) o cAiee Bl e e S0 Citia Al Y Jaae

b LS oty LD dlasY L Ui cans Al die

FP=FN / TP+FN

:(Precision)ddy) o
tb WS Gt 5 s (K Ciadl) Lgiatig edins 23] dapmial) clall Jaes
P - TP/ (TP+FP)
:(F-Measure) Fubia o
ek WS e g elediallly Hloa¥) A8 (e dales QO ¢ loal) A8y Gubie s
F-2*P*R/(P+R)
: ( Receiver Operating Characteristics(ROC))Jatiwall Jsidd pailad Aaia o

ple J cliiadl ool i e 3S8 Jany Weka (e AaU) 4kl aal (g 5aal;
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gl dddlia 4.3

p Ay il Jgemsl) o5 lgde Jemniall peilial) Ludys 2y

£ Ao cludalyyll Aoy Lgd il ) st
aalal) il

o1 Ao Lgd cilualil) Ao S5 al AN by
sralal) cullal)

hally S sle 218

dely3 Ll

Asdll du gl

sl Y1 LnslyiSsy agle 2

Aallly Aol Al 40

Al 2 2

Cile liall LingliSiy duia 408

Ldally dlseall (53l A1

Al cyida) agle 2K

Al 4§ sle S

i g daliaall deviag dusal) dutigl) aud daigll IS
Obakal)

Aol Zuatigl) andy 2SSl Al ad Aunsigh IS
AbleSl) Ll audy

Cilasaal Lilig Cagualal) asle 4

Juhadnllg 5)leadl 401S

okl Al

Aujlaall bl 2

Labally Uiaaasall 2

Fiadly slaall Auaria 4,08

cladaly ) Bale Ay WAG Gl Ao cllSl) Chuial g (4.3 )dsas
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csaldd) Ll

DAYy ilua il



Claagill 1.5

o OS5 Cumy Jumdl 5 ) gamny Ly 1305 UL 38 58 oy Jlanall 138 8 SV JLSY 1
el J 5l

Aaidig g J sl cous Glaala (e Sl aladiul

Al 8 il 48 yaa 5 ST el o Lindaty Al el A0 3l 3 5 533

(&

2l A8 sy 3 ST by alaaial 4

Ul il o A3 el Jal sl e LY Ciialll Gal sd alS Y gl alasiul 5
Aaa¥l alkl Cols clile sy 6

A8y S il e J geanl] GlLISH ppen Jodii iy alasial 7

Ol s e il L g A pal A Al Capiail) Bk 8

dadal) 2.5

L3l Alajall a8V ) o dad) cjeds Lgalag 3l e o DY) ey oLl b
Baclusall bl (st Aagag B9 pin el lling daalal) 8 anlSY) dlgicas o laali )l ale il (e
pand (G faa Alladlly Loall (311 (e cilibal) i o) ) il s SISy L Allad Bygemy bl AT b

Y e S 8 dila ) pia b aels Juadl w5 ) deagilly clibully cilagladl Jilas

L glsiSally aglall Olaged) daala 5 (adl adaill 355 o Ukl (Ao Jgaasd)
led S clild) Hlas) a3 52016 ple M 22008 sle e plseV)  Isaas cpdll GO
JLaS) any . 5y Saall ) A3 5 5ALEN bl e a3 5 Gl lewany e ABDle
Ois) 5 llall e gena (o clilul) Al uall clill) sbesials Wyalaas (e bl aas
a5 Y Ay bl sale 3 55-50 o zsbin cilas Gle galalal) (DUl by
) degana Lo g Al HLadY CFY) A5 Laa) @b clualyl) (A gl CBla
Lo ama Ol de ganal Al gaddl Balglll (8 ol s (520 Jie s agal
Bale bl wwaang bl Aladd Cluall ke 8 o) Clags agadl (Sl il
Ll adatl) 3 OO ey & bl

S ellil day el a8y bl Je(Random Tree) duw))lsa (ks o
LIS aladnials 5)lal) 20 %88.90  dwiy dasaia §)gean Adtadll Slilll calS | lajlad)

Aglygad) 8algal) duws aladinls )aall xie %94.56
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1) Jgagl o3 lgale aniiall okl dad)y da
pemalall QWD) ol e g bl Ay 5 ol AY) il e
A8 ¢ Al Al S ¢ ) ) Ll agle AS ¢ el cladall A4S
¢ LSSl dutigll) and duigh S ¢ Aulall AadY) asle S ¢ Akl dlwal) Gl
Aein IS5 Aylatll clahal) S ¢ Ladadally sleall A4S ¢ (dblgSl) dudigl) and 5 dulall duigl)
Aully olaal)

Qllall el e cilualiyll Ay Lgd ol Al Y] @l o

:‘é.:ml;ﬂ
¢ aabylly Aand) Al A0S ¢ Al Al A ¢ ehally LG ol 48
Bavigh A ¢ Anbl sl ple AU ¢ Slelivall Laglsiss Ao 2K
Llay agulall agle LS ¢ (ohylall duoving dalod) duia ¢ diaall Auigl) aud
Lyl sl S 5 pplall S 5 Cilaslecd

Sge e )yl 05 8 Gluabyll A o) lagl 5 Lghdat il e g Y e

Joealal) dls ) & GLISH (- Ll &
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Gl aladiuly A3lial & dasiicall clibal) g (1) @ale

MATH Percent RES_DETAIL FACNAME Name code
52 65.29 in comp Gl asle = ehally il asle 48 FO-SC-45
55 63 in comp Bl Jaalae ) - duely 3 ciluhall i< AG-52
53 64.14 in comp Bl Jualae ) - duely 3 ciluhall 2iS AG-52
55 63.14 in comp bl asle = (ehally @l asle 44K FO-SC-39
54 66.85 in comp =l sbai@y) — del) 3l calubal) 48 AG-29
53 64.85 in comp sl pole = ol B! LonsliSiy ke 28 ANI-31

il slally
53 62.43 in comp bl asle = (ehally Gl asle 44K FO-SC-39
53 67.85 in comp ol Y - gl 2Ly Laglyiay agle 348 ANI-40
54 67.29 in comp Ae)) 3l daaigll — dael) I caludall 40K AG-80
55 63.57 in comp =hall asle = (ehally Gl asle 44K FO-SC-39
51 63.14 in comp Bl Jaalae ) = duely 3 @il 2iS AG-52
55 67.43 in comp Al Ayl S ED-AR-36
55 65.70 in comp Oflad) = doel) 31 cluhall 40 AG-38
55 63.85 in comp dae — Ayl duyl 4K ED-TE-25
54 62.14 in comp bl asle = ehally @Al asle K FO-SC-39
55 64.56 in comp il = dely 3l luhyall 448 AG-38
54 66.43 in comp dely i) dwaigh — daely3ll cilahall S AG-80
54 62.14 in comp bl asle = ehally @Al asle K FO-SC-39
55FF 63.71 in comp sl asle — ehally Gl aole A FO-SC-39
51 64 in comp Oilal) = doel) 1 clahall 40 AG-38
53 64.29 in comp bl asle — ehally Gl aole A FO-SC-39
54 69.70 in comp ol ZlY) = gl 2 Y1 LaslgiSs asle 208 ANI-40
55 66.29 in comp =l LY = ey el A AG-29
53 66.14 in comp dgal) Ayl IS ED-AR-36
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72 68.14 Very Good agdl) Ayl A4S ED-AR-36
62 68.14 Fine is Joealaa ) — el Sl LS AG-52
79 68.14 Good Al gl 4 ED-AR-36
68 68.14 Very Good ol Lyl = Jlgall £ Y] Laglyi€y asle 248 ANI-40
60 68.14 Fine k) ety el Al — el el AG-28
68 68.14 Very Good By dnafig ey 2] — Auely3l cluhall 48 AG-28
76 68.14 Good Ldally Alsanll gl S AR-63
70 68.14 Fine ) Z LY = sl 2 Y LaslsiSig asle A4S ANI-40
63 68.14 Good L asle = ohally @l agle d4S FO-SC-45
61 68.29 Very Good Ol = dely 3l Glulyall 44 AG-38
59 68.29 Fine =l LB = ey el A AG-29
74 68.29 Good i) 2l 2K ED-AR-36
66 68.29 Fine Claall = Ay 31 caladyall 44 AG-38
76 68.29 Good Al dupl 4 ED-AR-36
60 68.29 Good sl Z LY = sl 2 Y1 Laglsis agle 448 ANI-40
60 68.29 Good Ak By o) 2] — Aehy 3l el A4 AG-28
71 68.29 Very Good Al dwpll 4K ED-AR-36
62 68.29 Very Good Galia Jrealae 7 ) — daehH cladyall duS AG-52
73 68.29 Good ) A A ED-AR-36
60 68.29 Good dgal) Ayl S ED-AR-36
60 68.29 Very Good Gy dsafig ey 2] — eyl cluhall 4 AG-28
82 68.29 Very Good Al dwpll 4K ED-AR-36
69 68.29 Very Good Al Al 4K ED-AR-36
59 68.56 Fine Ak Ry o) 2] — Aehy 3l el A AG-28
65 68.85 Good Sssall 2Ly = gl 2 Y LaslyiSa agle LS ANI-40
57 68.85 Good Ae)) 3l danighl — duel 3l clulyall 4ulS AG-80
74 68.85 Fine Agabally Aliaal) eull K AR-63
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86 68.85 Very Good agdl) Ayl A4S ED-AR-36
62 68.85 Fine k) ety el 2l — el clulall AG-28
65 68.85 Excellent bl 448y — de))3l clahall 4408 AG-48
59 68.85 Good k) ety ey 2l — el clulall AG-28
62 68.85 Very Good Ay 3 gl — daely 3l claal) A4S AG-80
59 68.85 Good k) ety el 2l — el bl AG-28
61 68.85 Good L asle — (elyaly L agle 24K FO-SC-45
66 68.85 Excellent Ay dualiy el L) — duely3l) clalall S AG-28
63 68.85 Fine is Jaealaa ) — el il LIS AG-52
77 68.85 Good Alia Jualae 1) — duel 3l cludyal) K AG-52
62 68.85 Fine Cilall = dely 3l cluahyall 4 AG-38
60 68.85 Good Cilcall = dely 3l cludyall 48 AG-38
66 69.56 Good Ledally Alsanll (gl 2S AR-63
67 69.56 Good Ldally Alsanll gl 2S AR-63
77 69.56 Good Ldally Alsanll (gl 2S AR-63
69 69.56 Good Aglally Alueal) g3dll A4S AR-63
64 69.56 Good Aglailly Alueal) (s3dll AuIE AR-63
74 69.56 Good k) sty ey 2l — el el AG-28
57 69.56 Good L asle — ey L ale S FO-SC-45
60 69.56 Good L asle — ey L ale S FO-SC-45
64 69.56 Fine des Jralae 25 — dely 3 cilulyl LS AG-52
66 69.56 Very Good Aglailly Alsaall (gl 3K AR-63
68 69.56 Very Good Aanlailly dliaal) gl 40S AR-63
63 69.56 Good k) sty el Al — el el 3 AG-28
71 69.56 Good Aglailly Alseall (gl 3K AR-63
64 69.56 Good LY asle = ehally G asle A4S FO-SC-45
65 69.56 Good k) sty ey Al — el el 2 AG-28
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74 69.56 Good Laablly Asad) ) K ED-PH-26
63 67.14 Good bl asle = el L asle S FO-SC-39
58 67.14 Very Good Blas Jrealae ) — Loeh 30 @ladyll 44€ AG-52
58 67.14 Good Ay Bally oy 2] — Aehy 3 ol A4 AG-28
64 67.14 Good Lis Jrealae £l — dely3l ) 2405 AG-52
62 67.70 Good bl asle = ebally LN asle S FO-SC-39
60 67.70 Good LG asle — eldlly LB asle 4K FO-SC-45
60 67.70 Very Good By dnafig ely) 2] — Auely3l) cluhall 48 AG-28
62 67.70 Very Good Alin Jaealae ) - duel) 3 cilahall 43S AG-52
70 67.85 Good el 3l Al — duely 3l il A4S AG-80
59 67.85 Very Good Al chyidal agle — dulall cilyndall agle A4S LA-MED-71
63 67.85 Good Alis Jsealae z ) — Lely3l el 40 AG-52
61 67.85 Good Alia Jrealae z ) — Lely3l el 40 AG-52
67 67.85 Good Aulis Jrealae z ) — Lely3l el 40 AG-52
65 67.85 Good el 3l Al — duely 3l calud a8 AG-80
62 67.85 Good ol asle = elally L sl A4S FO-SC-39
65 67.85 Good LY ke = elally LD sle 2 FO-SC-45
63 67.85 Good ol Z Y] = gl 2 Y1 LaslgiSs asle 2 ANI-40
58 67.85 Fine s Jaalae 215 — duel)l) iyl L€ AG-52
66 68 Good ol Z Y] = gl 2 Y1 LaslgiSs asle 2 ANI-40
63 68 Good iy Aaaliy ey La) — duely ) il 4K AG-28
65 68 Fine Ades Jralae 25 — dely 3 a0 AG-52
60 70 Good ol ZlY) = gl 2 Y1 LaslgiCs asle 28 ANI-40
66 70 Good Agabally dliaal) el LS AR-63
75 70.14 Good Labyall = Labyally e sall 4408 MU-27
72 70.14 Excellent Azabylly dsad) dwpll LK ED-PH-26
80 70.14 Good duzabyllg dnal Al A4S ED-PH-26
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64 70.14 Fine ) Z LY = sl 2 Y LaslsiSig asle A4S ANI-40
62 70.14 Fine Apaballg Al Geuall S AR-63
68 70.14 Good Lkl Alsanll ¢yl S AR-63
74 70.14 Good Alis Jealae £l — duely 3l ciluy 4 AG-52
61 70.14 Excellent bl aLa@) — el 3l cluhall 44 AG-29
61 70.14 Very Good By dnafig ey 2] — Auely3l cluhall 48 AG-28
65 70.14 Good bl 348 — Al eluhyall 448 AG-48
64 70.14 Good Aely3l) dunigl — duely3l caludal S AG-80
7 70.14 Fine abailly Alaall (ypidll AUIS AR-63

Glualyll sale 4 Gllal) 450 = MATH
Lolageall salgdd) (& llall dauss = Percent
bl aalall i = RES_DETAIL
Gl Lgy (aaalall 40N ol = FACNAME

4Kl 3= Namecode
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