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Abstract:

In this research we proposed using some recommendation systems
techniques that can help the Academic Advising process for the student of the
Faculty of Computer Science and Information Technology at the University of
Sudan for Science and Technology. New technologies were used to analyze the
data and reach to the best recommendations and submit them to reduce the
problems to meet the guidance needs of students and to reduce the burden of
guidance councilors to teachers. We chose the nearest neighbor algorithm
(KNN) from collaborative filtering recommendation systems techniques, and
Aproiri algorithm of the association rules, applied in the data mining open
source tool Weka. The data have been collected from the registration forms of
students who have difficulties, their results were obtained from the records of
the results system. Some recommendations results were obtained on directing
and guiding the students that might help to avoid the repeating of inappropriate
decisions that have not succeeded in solving the problems of students with
regard to their plan of study or decisions that led to other problems for students,
and some recommendation to help overcome their problems and academic
success and getting the best results. Due to small size of information collected,
we have not got the expected results after applying the two algorithms, we
recommend using of a hybrid technique between KNN and Apriori and be

applied on large database consisting of a complete record for each student.
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weka.assodations. Apriori

About
Class implementing an Apriori-type algorithm. ~ More |
Capabilites
car |False -
dassIndex -1
delta |0.05
lowerBoundMinSupport (0.1
metricType |Confidence -
minMetric (0.9
numBRules |10
outputltemSets | False -
removeAllMissingCols | False -
significancelevel -1.0
treatZeroAsMissing | False -
upperBoundMinSupport | 1.0
wverbose | False -
Open... || Save... || oK || Cancel
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